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Abstract—We design serial concatenated multi-input multioutput systems based on low-density parity-check (LDPC) codes.
We employ a receiver structure combining the demapper/detector and the decoder in an iterative fashion. We consider the
a posteriori probability (APP) demapper, as well as a suboptimal
demapper incorporating interference cancellation with linear
filtering. Extrinsic information transfer (EXIT) chart analysis
is applied to study the convergence behavior of the proposed
schemes. We show that EXIT charts match very well with the
simulated decoding trajectories, and they help explain the impact
of different mappings and different demappers. It is observed
that if the APP demapper transfer characteristics are almost flat,
the LDPC codes optimized for binary-input channels are good
enough to achieve performance close to the channel capacity.
We also present a simple code-optimization method based on
EXIT chart analysis, and we design a rate-1/2 LDPC code that
achieves very low bit-error rates within 0.15 dB of the capacity
of a two-input two-output Rayleigh fading channel with 4-pulse
amplitude modulation. We next propose to use a space–time block
code as an inner code of our serial concatenated coding scheme.
By means of a simple example scheme, using an Alamouti inner
code, we demonstrate that the design/optimization of the outer
code (e.g., LDPC code) is greatly simplified.
Index Terms—Alamouti code, extrinsic information transfer
(EXIT) chart, low-density parity-check (LDPC) codes, multi-input
multi-output (MIMO) channels, space–time block codes (STBCs).

I. INTRODUCTION

R

ECENT research progress in information theory has
shown that large gains in capacity and reliability of
communications over wireless fading channels are possible by
exploiting spatial diversity with the use of multiple transmit
and receive antennas [1]. Approaching the capacity of such
multi-input multi-output (MIMO) channels requires a very
good channel code to overcome time-varying fading, intersymbol interference, and noise. Recently, simple but effective
space–time transmission schemes consisting of a serial concatenation of a channel encoder, a bit-wise interleaver, and
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a spatial constellation mapper have been studied [2]–[6].
These schemes, involving the turbo principle [7], combine the
demapper/detector and the decoder in an iterative fashion to
approximate the optimal joint demapper and the decoder. The
channel codes used are binary convolutional codes or turbo
codes. More sophisticated schemes based on space–time turbo
trellis-coded modulations [8], [9] have been considered where
the constituent codes are trellis codes. Furthermore, serial
concatenation schemes using space–time trellis codes [9] or
space–time block codes (STBCs) [10] as inner codes have
also been proposed. An excellent survey of the related work is
provided in [8]. We note that the performance of these systems
has been evaluated primarily by computer simulations.
Extrinsic information transfer (EXIT) charts [11], [12] have
been shown to be versatile analytical tools for studying the convergence behavior, particularly in the turbo cliff region [11], of
iterative receivers for various serial or parallel concatenated systems. The charts have been used to help understand the behavior
of the iterative decoding algorithms and to select different codes,
typically convolutional codes, to optimize the system performance. In particular, turbo-coded MIMO systems have recently
been analyzed in [13] by using the EXIT chart approach.
On the other hand, several research groups have proposed
different versions of low-density parity-check (LDPC) code design for high-order constellations on single-input single-output
(SISO) channels to achieve bandwidth efficiency, e.g., based
on multilevel coding (MLC) [14]–[16] or bit-interleaved coded
modulation (BICM) [17], [18] schemes. In this paper, we propose a serial concatenated LDPC-coded MIMO system [19].
For the iterative receiver, we consider an a posteriori probability (APP) demapper [4], as well as a suboptimal demapper
consisting of a parallel interference canceler (PIC) followed
by a minimum mean-square error (MMSE) filter. The latter
demapper is analogous to the multiuser detector proposed in
[20]. The system performance is analyzed and optimized based
on EXIT charts. We prove that, under the assumption of perfect
a priori information, the APP demapper and the PIC-MMSE
demapper are equivalent, as confirmed by the EXIT chart
results. Simultaneously with our work, [21] independently
used EXIT charts to study LDPC-coded MIMO systems. The
key difference between these two approaches is that in the
EXIT chart analysis, [21] combines the MIMO detector and bit
nodes of the LDPC decoder into one component for the EXIT
curve analysis and treats the check-node decoder as the other.
In contrast, we treat the MIMO detector as one component
for the EXIT curve analysis, and the entire LDPC decoder
(including both bit-node and check-node decoders) as the
other. The way we divide the system gives us a clear view of
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the separate effects of the code and the mapper, since we can
study the slope and shape of the demapper transfer curves and
the decoder transfer curves separately. However, for the same
scheme setup, we believe that these two approaches should
produce optimized codes with very comparable performance,
if not exactly the same. This approach also makes it amenable
if we would like to introduce some inner codes to change the
shape of the demapper transfer curves, as we discuss later.
To obtain capacity-approaching performance, we present a
simple code-optimization method for LDPC codes based on
EXIT chart analysis. This optimization method is independently
proposed in [22] for application to turbo-coded systems on
a SISO channel. For the LDPC decoding algorithms, we can
either reset the check-node messages or retain them after each
demapper-decoder loop iteration. The analysis and optimization
in the paper rely on the use of resetting algorithms. However,
our experimental results show that the nonresetting algorithms
achieve at least the same performance as the resetting algorithms, and usually converge faster. Therefore, they may be of
more practical importance. We demonstrate that the optimized
LDPC codes achieve reliable transmission within 0.15 dB of
the capacity of a MIMO Rayleigh fading channel, assuming
independent and identically distributed (i.i.d.) equiprobable
inputs.
STBCs [23], [24] have been introduced to achieve spatial
diversity. Due to the orthogonal structure of the STBCs, the
symbols transmitted simultaneously from different antennas
can be separated at the receiver by simple linear combining,
which suggests that by using an STBC code, a MIMO channel
is transformed into a SISO channel [25], [26]. Motivated by this
result and some observations from our EXIT chart analysis,
we revisit the serial concatenated coding scheme using an
STBC code as an inner code. By a simple example based on
the Alamouti code [23], we demonstrate why this architecture
greatly simplifies the design/optimization of the outer codes
(e.g., LDPC codes). Some tradeoffs associated with this scheme
are briefly discussed.
II. SYSTEM ARCHITECTURE

Fig. 1.

Iterative demapper/decoder graph.

We apply the turbo principle to decode the received signals. This effectively decomposes the receiver into separate
soft-input soft-output components that exchange extrinsic
information iteratively. An iterative demapper/decoder graph is
illustrated in Fig. 1. There are two levels of iterations involved.
One is the demapper-decoder loop including both the demapper
and decoder; the other is the decoder loop within the decoder
only. For each demapper-decoder loop iteration, the demapper
of the
accepts as its inputs and a priori information
. The
coded bits , and produces extrinsic information
, a deinterleaved
LDPC decoder accepts a priori input
, and performs the sum-product decoding
version of
decoder-loop iterations, generating the
algorithm [27] for
. Then,
is interleaved to become
extrinsic output
for the next demapper-decoder loop iteration. The maximum allowable number of demapper-decoder loop iterations
is denoted by .
B. Iterative Channel Demapper
1) APP Demapper: At the receiver side, the APP demapper
computes the extrinsic information for each coded bit ,
, conditioned on the vector channel output , as
follows [4]:

A. Signal Model
We consider a serial concatenated LDPC-coded MIMO
transmit antennas and
receive antennas.
system with
The information source is encoded by a rate- LDPC encoder.
The coded bits are interleaved bit-wise and grouped into vectors
address bits
. The mapping
of
device maps each coded binary vector into a length- symbol
vector with its entries chosen from a constellation , where
. The channel output vector is given by
(1)
is an
channel matrix which has i.i.d. comwhere
plex Gaussian entries with zero mean and unit variance, and
represents a lengthcomplex additive white Gaussian noise
.
(AWGN) vector with covariance matrix1
. We assume that the
The system spectral efficiency is
fading coefficients are perfectly known at the receiver.
1Here

denotes the conjugate transpose of a vector or a matrix.

(2)
is the a
where
is the set of length- symbol vectors
priori information,
,
, and
is the set of indexes within
with
symbol vector with
,
,
. We
assume that the coded bits are independent with respect to each
is a multivariate Gaussian density function.
other.2 Here
The computational complexity of (2) is exponential in
, becoming prohibitive when
gets large. As
an alternative, we consider a suboptimal demapper based on
soft interference cancellation and linear MMSE filtering whose
due to the matrix
complexity is proportional to the cube of
inversion operations. Therefore, the suboptimal demapper has
.
lower complexity for medium-to-large
2This

assumption is also used for (3).
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2) PIC-MMSE Demapper: Based on the a priori informa,
, we first
tion of the coded bits,
compute the soft estimates of all the symbols within trans,
mitted vector , i.e., for
, where
.
Note that
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results in slower convergence and even performance loss
for small . In the nonresetting case, however, the value of
has little effect on the performance.
III. EXIT CHART ANALYSIS

th column of
and
. Following [20], we assume that
is the
as its input,
output of an equivalent AWGN channel with
, where
,
i.e.,
and
is a zero-mean Gaussian random variable with variance
. Then, the extrinsic
information of each coded bit is given by an expression similar
to (2) with and replaced by and , respectively.

We first determine the mutual information (MI) transfer
characteristics of the demapper. Following [11], we model
as a conditional Gaussian random
the a priori input
variable with probability density function (pdf)
, where
. The MI
between and
, denoted
, is defined in [11]. The
, denoted
,
MI between and extrinsic information
, but with the pdf of
can be computed the same way as
. In general, the pdf of
can be determined by Monte
Carlo simulation. Viewing
as a function of
and
(in decibels) of the channel, the demapper EXIT
the
.
characteristic is given by
Similarly, in the decoder, if we assume that
is Gaussian
distributed and we apply the same equations as in the case of the
and
from the pdf of
demapper, we can obtain
and
. However, to make the EXIT chart analysis feasible,
needs to depend only on
. Therefore, we reset
after each demapper-decoder loop iteration in the decoder. The
.
decoder EXIT characteristic is defined as
, the pdf of
is determined
In the calculation of
numerically by density evolution [27], given the pdf of
.
We recall that an LDPC code ensemble is described by its de[27], with
gree distribution pair
and
, where
(resp., ) is the
fraction of edges with bit (resp. check) degree . Denote
,
, and
, where is a pdf function,
is the bit degree distribution from the node perspective,
represents convolution, and
are density operators
as follows. For
,
defined in [27]. We determine
repeat
, where
has all
mass at zero and denotes the current decoder-loop iteration
number; then, set
.

C. Iterative LDPC Decoder

A. SISO Systems

For the LDPC decoder, we adopt the standard sum-product algorithm, which is summarized as follows. We first consider the
message passing from a bit node to its incident check nodes.
Given the a priori information from the demapper
and the
,
messages from the incident check nodes, for
the decoder computes
, where
is set to zero at
(the first iteration for the demapperdecoder loop). Next we consider the message passing from a
check node to its incident bit nodes. The rule for the message
updating is
, where
is the interleaved version of
. The vector
is deinterleaved to become
. We can repeat the bit/check message
updates for decoder-loop iterations and output the extrinsic
information
, given by
. After
is generated, we can either keep
for the next demapper-deto zero. In general, resetting
coder loop iteration or reset

We first consider a SISO AWGN channel, which we view as a
special case of the MIMO channel. Throughout the paper, we fix
the component binary code rate at 1/2 for illustrative purposes.
Following the method described above, we obtain the decoder
EXIT characteristics for the regular (3,6) LDPC code, decoded
with different , shown in Fig. 2. We take two approaches to
: one is by using density evolution dicalculate the pdf of
rectly, and the other is by running Monte Carlo simulation on a
LDPC code. Both approaches produce virtually the
lengthsame decoder transfer characteristic curves.
Fig. 3 shows the APP demapper transfer characteristics for
4-pulse amplitude modulation (PAM) on an AWGN channel
with three mapping rules used: Gray, natural, and anti-Gray
[11]. Different mapping rules appear to generate transfer
curves with different slopes. Our results show that on such
Gray-mapped SISO channels (either AWGN or fading), the

(3)
where

and
denotes the th index bit of symbol .
and
We now define
. For each symbol , a
soft interference cancellation is performed on the vector
channel output , and we obtain
(4)
to further suppress
Next, an MMSE filter is applied to each
. Here
is
the residual interference plus noise, i.e.,
chosen to minimize the mean square error between the symbol
and the filter output , and, as in [20], we have

(5)
where

is the
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Fig. 2. Decoder transfer characteristics for regular (3,6) LDPC code.

Fig. 3. Demapper transfer characteristics for 4-PAM modulation on an AWGN
channel.

demapper curves are almost flat for different high-order constellations [e.g., 8-phase-shift keying (PSK) and 16-quadrature
amplitude modulation (QAM)]. This suggests that iterating
back to the demapper helps very little to improve the system
performance.
If we place the demapper and decoder characteristics into a
single diagram, the EXIT chart is generated. Fig. 4 shows an
EXIT chart for a system with a (3,6) LDPC code, anti-Gray
dB.
mapping, and 4-PAM modulation, operating at
. To verify the accuracy of the
The chart corresponds to
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Fig. 4. EXIT chart with iterative decoding trajectory of the anti-Gray mapping,
4-PAM, and (3,6) LDPC code at E =N = 5:0 dB.

EXIT chart, we show the iterative decoding trajectory based on
simulation results for a (3,6) LDPC code of blocksize3
. The
simulated trajectory matches well with the computed transfer
, there is a “tunnel”
characteristics. Fig. 4 shows that for
between the demapper and decoder characteristics that allow the
decoding trajectory to continue on to successful decoding.
(dB) at which the iterative scheme
The smallest
converges is referred to as a threshold, or pinch-off limit [11].
The threshold corresponds to the signal-to-noise ratio (SNR)
at which the demapper and decoder transfer characteristics are
almost tangent and do not cross. For example, the threshold
of the iterative scheme with anti-Gray mapping, the (3,6)
is around 4.4 dB. Comparison of the
LDPC code, and
demapper and decoder characteristics in Figs. 2 and 3 shows
that the iterative scheme converges at about the same
when is large (e.g.,
). This observation is verified by
simulation results.
The results discussed above assume the LDPC decoder is
reset after each demapper-decoder loop iteration. However, our
simulation results show that if the LDPC decoder is not reset
after each demapper-decoder loop iteration, the performance of
the iterative scheme is essentially independent of (i.e.,
is enough), and agrees with that of the resetting decoder for large
. These observations apply to a variety of mappings and both
SISO and MIMO channels.
The Gaussian input assumption works very well for the
demapper transfer-function computation in various cases. For
the LDPC decoder transfer-function computation, the Gaussian
assumption works well with the anti-Gray mapping on a SISO
AWGN channel. For most other cases, this assumption works
fine, but produces a discrepancy of about 0.1–0.2 dB between
3In the following, the blocksize for the simulated decoding trajectories are all
fixed at 10 .
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TABLE I
THRESHOLDS OF THE (3,6) LDPC-CODED 4-PAM SYSTEMS RELATIVE TO THE
I.I.D. CAPACITY WHEN WE CONSIDER DIFFERENT MAPPINGS, DIFFERENT
CHANNELS, AND DIFFERENT DEMAPPERS

Fig. 5. APP and PIC-MMSE demapper EXIT characteristics of 4-PAM on a
2 2 Rayleigh fading channel.

2

EXIT charts and real decoding trajectories. In general, this
discrepancy is small enough that we may ignore it.
However, we want to have a more accurate model to better
match the transfer characteristics of the LDPC decoder to the
simulation performance. With the improved accuracy of the
modified model, we are better able to optimize the irregular
LDPC codes and push the thresholds of the iterative schemes
closer toward the channel capacity, as we discuss later.
In the modified model, instead of assuming a Gaussian
distribution for the decoder inputs, we assume the decoder
inputs are generated by the output of a demapper whose inputs
are Gaussian distributed. The motivation for this model is that
we believe the output statistics from a demapper (even a very
simple one) should approximate the true statistics of a more
complicated demapper output better than the simple Gaussian
assumption on the demapper output. This intuition is supported
by Monte Carlo simulation results. For example, we perform
the EXIT chart analysis for the natural mapping and a (3,6) code
dB on a SISO AWGN channel. The decoder
at
characteristic obtained from the modified model matches well
with the simulated trajectory, while the one computed from the
original model shows about a 0.1-dB discrepancy. Interestingly,
numerous experiments show that for a given LDPC code, the
modified model produces virtually the same decoder transfer
characteristics for most choices of mappings and channels
(SISO or MIMO). Consequently, in the analysis that follows,
we will use the modified model with natural mapping on a SISO
AWGN channel to compute the decoder transfer characteristics,
even though the actual mappings and channels may be different.
B. MIMO Systems
.
We present results for MIMO systems with
In Fig. 5, we plot both the APP demapper and the PIC-MMSE

demapper transfer characteristics at
dB. For
a given mapping, the PIC-MMSE demapper curve is strictly
below the APP demapper curve and tends to have a steeper
slope. This result suggests that in comparison with the APP
demapper, the PIC-MMSE demapper always suffers information loss. Furthermore, these two curves converge to the same
when
approaches one. This suggests that with per,
fect a priori information about coded bits ,
, the PIC stage cancels all the interference relative to
and
which contains bit , and the PIC-MMSE solution
symbol
converges to the APP solution. For both demappers, if we
assume perfect a priori information, it can be shown that both
schemes become single-input multiple-output (SIMO) systems
with only two possible inputs. It is straightforward to show that
for such a SIMO system, the direct vector-APP detector equals
to a scheme of maximum ratio combining (MRC) followed by
a symbol-APP detector on the MRC output. On the other, it
is known that for such a SIMO system, the MRC combining
equals to the MMSE combining [28]. The proof of this fact
involves the matrix inversion lemma [29]. Therefore, these
two demappers are indeed equivalent, if we have perfect a
priori information. For more details of the proof, please see the
Appendix.
Another interesting phenomenon is that, unlike the SISO case
where the APP demapper curve of the Gray mapping is almost
flat, in the MIMO case, the corresponding curve has more significant slope. This result suggests that for the Gray-mapped
MIMO systems, it is necessary to iterate between demapper and
decoder to approach the capacity.
We summarize our threshold results obtained from EXIT
chart analysis in Table I, where we show the gaps,
(dB), between the thresholds of the (3,6) LDPC-coded 4-PAM
systems and the i.i.d. capacities for the channel models and
mappings considered. Note that for 4-PAM, the i.i.d. capacities
are 2.11, 3.93, and 3.48 dB for the SISO AWGN, SISO Rayleigh
fading, and MIMO (2 2) Rayleigh fading channels, respectively, and the corresponding spectral efficiencies are 1, 1, and
2 b/symbol. Gray and natural mappings have very comparable
performance, and are far better than the anti-Gray mapping. For
the MIMO Rayleigh fading channel, the PIC-MMSE demapper
loses about 0.9 1.6 dB relative to the APP demapper.
IV. CODE OPTIMIZATION
We can see from Table I that the (3,6) LDPC-coded systems
are more than 1 dB away from the channel capacities in the various scenarios we have considered. It is natural to ask about the
performance attainable with the LDPC codes optimized for the
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Fig. 6. EXIT chart with iterative decoding trajectories of the systems on
a 4-PAM SISO channel with an LDPC code optimized for the binary-input
AWGN channel.

binary-input AWGN channel. In Fig. 6, we plot the EXIT charts
for 4-PAM systems using a rate-1/2 LDPC code with
, designed using the degree distribution pair optimized for
the binary-input AWGN channel [27]. The plot is shown for the
Gray-mapped SISO channel, where both the demapper and the
decoder curves are almost flat and match well with each other,
and the threshold of the scheme is about 2.40 dB, which is only
0.29 dB away from the channel capacity (2.11 dB). However, if
anti-Gray mapping is used, the slope of the demapper curve is
much steeper than the decoder curve, and the scheme does not
converge unless the
is at least 5.10 dB, representing a
3-dB loss relative to the channel capacity. As suggested in [11]
and [12], at the threshold SNR value, the area between the two
component curves is a measure of the performance loss relative to the channel capacity. Therefore, to optimize the system
performance, we need to match these two component curves to
minimize the area between them.
For the 4-PAM SISO channel considered above, the APP
demapper curves for Gray mapping are almost flat, which
means that the parallel independent demapper (PID) introduced
in [18] and [30] can nearly achieve the channel capacity. The
PID demapper is a special case of the decoding schemes considered here, corresponding to
. We then consider a rate-1/2
LDPC code optimized for the PID demapper with
from [18]. This code has a threshold of 2.35 dB under the
PID demapper. As seen in Fig. 7, at
dB, the
“one-shot” process
at the demapper is enough to make
the decoding successful, provided is large enough (here we
used
). Furthermore, if we set
and
,
the decoder is able to converge even at
dB.
The results suggest that if the demapper transfer curve is very
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Fig. 7. EXIT chart with iterative decoding trajectories of the Gray mapping
and an LDPC code optimized for the PID demapper.

flat, the LDPC codes optimized for binary-input channels4 are
almost optimal for the iterative decoding schemes.
In general, to optimize the LDPC-coded MIMO systems, we
can use a global density-evolution procedure including both the
demapper and the decoder. However, it is very difficult to obtain
a closed-form solution of the pdf at the output of the demapper,
and the Monte Carlo method has computation complexity exponential in
for the APP demapper. Therefore, we introduce a simple but effective code-optimization method based on
EXIT charts, which was independently proposed in [22]. Unlike the global density-evolution approach, this method does not
use error probability as the cost function associated with each
degree distribution pair
. Instead, the cost function is defined as follows. For any LDPC code ensemble, there is a decoder transfer characteristic
associated with it. For any given
mapping, channel, and demapper, we can compute a demappertransfer characteristic
at a certain
(dB). Then, on
the computed demapper curve, we pick a set of points
, and the cost function is defined as
(6)
where

is the subset of
such that for each ,
. In other words, for each , the decoder curve
is on the left side of the demapper curve. The iterative search
algorithm proceeds as follows.
1) At a certain
, we compute
for the demapper.
2) By differential evolution [27], we search for a
whose
results in the smallest .

4As discussed in [18], the coding scheme with the PID demapper has an equivalent binary-input channel-model representation.
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and
. The degree distribution
pair is optimized at
dB, and the simulation
shows a high probability of successful decoding at 4.23 dB.
Therefore, even with the PIC-MMSE demapper, the proposed
scheme is able to achieve reliable transmission within 0.75 dB
of the i.i.d. capacity.
Finally, for both codes, the nonresetting receiver with different converges at roughly the same thresholds as does the
resetting receiver with large .

V. USING STBCS AS INNER CODES

Fig. 8. EXIT chart with iterative decoding trajectories of the Gray mapping
and an optimized LDPC code on a 2 2 Rayleigh fading channel, l = 17.

2

3) If this is smaller than a target , we decrease
and go back to step 2. If not, we stop.
The optimal degree distribution pair
is the pair found
in the last iteration with the smallest
and corresponding
cost
. In this way, we find a
whose
is almost
on top of the demapper curve
. Then, at an
slightly
larger than the
used in the optimization, there is a narrow,
open tunnel between the demapper and the decoder curves, enabling the iterative decoder to converge. Notice that at a specific
, once
is computed, numerous degree sequence
pairs generated by differential evolution in step 2 can use the
same
for their cost-function computations. This translates
into significant computational savings when
is large.
In Fig. 8, we show an EXIT chart with iterative decoding trajectories for the LDPC codes optimized for the Gray mapping on
a MIMO (2 2) Rayleigh fading channel. The code in the graph
is optimized for the APP demapper and the degree distribution
pair is given by
and
. This degree distribution pair is
optimized at
dB, where the demapper curve
coincides with the decoder curve over a substantial interval.
Then, at
dB and
, the simulation
is able to achieve a low bit-error rate (BER) although the
required number of demapper-decoder loop iterations is very
large. Note that the corresponding i.i.d. capacity is 3.48 dB.
Therefore, the simulation with codeword length
provides
good performance at an
within 0.15 dB of the i.i.d.
capacity. The graph of Fig. 8 shows that at
dB,
the decoder is able to converge for a relatively small value
of
(here
). On the other hand, we also optimize
an LDPC code for the PIC-MMSE demapper, and the degree-distribution pair is described by

As shown by the EXIT chart analysis, the mismatch between
the demapper curve and the decoder curve usually results in a
performance loss relative to the channel capacity. For a given
threshold, the larger the area between the
system, at its
demapper and decoder transfer curves on the EXIT chart, the
greater the performance loss the system suffers.
, even for Gray mapping, the
We observe that when
APP demapper curves tend to have steep slopes. The decoder
curves of the LDPC codes optimized for the binary-input channels are almost flat in most of the region of interest (see, for
example, Fig. 6). Similarly, ten Brink [13] showed that the decoder curves for several known turbo codes are close to flat as
well. Therefore, these codes usually do not perform well for the
.
MIMO systems with
The design methodology presented in the previous section
hinges on optimization of the code parameters so that the shape
of the decoder curve is matched to the shape of the demapper
where the demapper curves are very
curve. When
steep, we found that the optimized LDPC codes usually have
many more degree-2 nodes, compared with the LDPC codes
optimized for the binary-input channels. On the other hand, ten
Brink [13] observed that simple convolutional codes can outper. Howform turbo codes in the waterfall region when
ever, we observed that, when simulated with small-to-moderate
normally
blocksizes, the LDPC codes optimized for
have high error floors due to the weakness of the component
codes. Similar phenomena are visible in [13] for simple convolutional codes as well.
One important observation from the previous section is that,
for Gray mapping on a SISO channel, the demapper curves are
almost flat, matching well with the decoder curves of the LDPC
codes optimized for the binary-input channels, as well as those
turbo codes. It is known that, due to the orthogonal structure of
the STBC codes, the symbols transmitted simultaneously from
different antennas can be separated at the receiver by simple
linear combining. Therefore, STBC codes play a key role of
transforming a MIMO channel into a SISO channel [25], [26]. In
the following, we introduce a serial concatenated scheme when
, which uses an STBC code as an inner code and uses
an LDPC code optimized for a binary-input channel or a turbo
code as an outer code. We demonstrate that, if Gray mapping is
employed, this approach flattens the demapper transfer curves.
This design method has two important practical features. First,
the LDPC code design is greatly simplified; second, simulation
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Fig. 9. Coding scheme with an LDPC code as an outer code and an STBC code as an inner code.

results show that, at small-to-moderate blocksizes, these codes
have no error floors in the BER regions of interest.
Fig. 9 shows a coding scheme using an STBC code as an
inner code. The input to the STBC encoder is a block of
complex symbols ,
. The STBC encoder
matrix
maps the input symbols onto entries of a
, where
is the number of channel uses required for the
transmission of input symbols and the entries of are chosen
, and their linear
from
combinations. Here, we limit the STBC codes to be the complex
orthogonal designs introduced in [23] and [24]. The matrix
satisfies the property
.
The celebrated Alamouti code is a special case of the STBC
,
,
, defined by
codes with

is the set of symbols with
, and
where
is the set of indexes within symbol
with
,
,
. Comparing (2) and (10), we observe that,
unlike the spatial multiplexing schemes without STBC inner
codes, the extrinsic information update for one bit when using
an STBC inner code depends only on the a priori information
constituent bits within the symbol , rather
of the other
than the entire symbol vector .
In the case of the Alamouti code, it can be easily verified that

(7)

(12)

We assume that the channel coherence time is large compared
with , and therefore, the channel coefficients are constant over
(as is
the duration of consecutive channel uses. For
commonly the case in downlink transmission for wireless applications), the channel model can be described as
..
.

..
.

..
.

(8)

By decoupling the signals transmitted from different antennas, the orthogonality of the columns of
makes feasible
a simple APP decoding technique. It is easy to verify that the
, given the received symbols
APP of ,
, can be expressed in the following form:
(9)
is a function independent of ,
,
where
. Then, for
,
, the log a
posteriori probability ratio (LAPPR) of each of the bits can be
computed as

(10)

(11)

where

(13)
Note that and are the outputs of the maximum-likelihood
detector described in [23].
, the normalized equivalent channel model is
For
given as
(14)
[26]. If we insert a channel interleaver
with
before the STBC encoder and assume ideal channel interleaving
at asymptotically large blocksize, the channel described in (14)
becomes a memoryless ergodic channel. We can then compute
the capacity of this channel assuming i.i.d. equiprobable inputs.
and
. We
One example we consider is
compute the i.i.d. capacity of a channel using 16-QAM with
an Alamouti inner code. This scheme has an uncoded transmission rate of 4 b/channel use (uncoded refers to no outer channel
coding). At a coded transmission rate of 2 b/channel use, which
corresponds to an outer channel code of rate 1/2, the
required to transmit reliably at the given spectral efficiency is
3.0 dB.
Next, we perform an EXIT chart analysis for the proposed
scheme with Alamouti inner code and a rate-1/2 LDPC code
optimized for binary-input AWGN channel with
as an outer code, where Gray-mapped 16-QAM is used. The
results show that the demapper and decoder curves both are
nearly flat and closely aligned. The threshold of this system is
about 3.3 dB, which is only 0.3 dB away from the corresponding
capacity. With this example, we demonstrate that by using the
Alamouti inner code, we greatly simplify the outer code design
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(see, e.g., [24]), we need to expand the constelwith
lation to 256-QAM, to achieve the same transmission rate.
VI. CONCLUSION

Fig. 10. Capacity comparison of different modulation schemes on a two-input
one-output channel assuming uniform finite constrained inputs.

by changing the slope of the demapper curve and aligning it with
the decoder curve.
The proposed scheme with the Alamouti inner code essentially transforms a 2 1 channel to an equivalent 1 1 channel
specified by (14). It is known that, with continuous Gaussian
inputs, the Alamouti code on a 2 1 channel incurs no capacity
loss [31]. If we assume finite constrained inputs, similarly we
can compute the i.i.d. capacity curves of a 2 1 channel with
Alamouti inner code and a 1 1 channel, with 16-QAM. The
results are plotted in Fig. 10. We observe that the equivalent
channel presented in (14) is still better than the standard 1 1
fading channel. At 2 b/channel use, the 2 1 channel with the
Alamouti inner code has about 1-dB advantage over the 1 1
channel. The 2 1 channel with no Alamouti code only achieves
an additional 0.3-dB gain at 2 b/channel use, compared with the
2 1 channel with Alamouti code. Furthermore, in a practical
system, with the limited interleaver size, a slow-fading channel
produces fading coefficients for neighboring symbols that are
strongly correlated, and the available time diversity diminishes.
In this case, STBC codes still guarantee the spatial diversity.
Therefore, our proposed schemes are of practical significance
as well.
, we can use the STBC codes introduced in
When
[24] to achieve the same goal as achieved by Alamouti code
. However, these codes, in general, require
when
(
for the Alamouti code), and to keep the
same transmission spectral efficiency requires constellation ex. Therefore, as sugpansion by a factor proportional to
gested in [21], to compensate for the greater rate loss due to the
inner STBC codes, one would have to use a much larger constel.
lation size, making this scheme less appealing when
, we can use 4-PSK modulation with
For example, if
the spatial multiplexing scheme to achieve an uncoded transmission rate of 6 b/channel use. If we use an inner STBC code

We designed a serial concatenated MIMO system based on
LDPC codes, and employed a receiver structure that iterates between the demapper and the LDPC decoder. EXIT charts were
shown to match very well with simulated decoding trajectories
on MIMO channels. We observed that if the APP demapper
transfer curve is almost flat, the LDPC codes optimized for the
binary-input channels are good enough to achieve performance
close to the i.i.d. channel capacity. Furthermore, we proposed a
novel code-optimization method if the demapper transfer curve
is not flat, and a resulting rate-1/2 irregular code of length
was shown to achieve a low BER within 0.15 dB of the i.i.d. capacity on a 2 2 MIMO Rayleigh fading channel. Even for the
suboptimal PIC-MMSE demapper, the optimized LDPC codes
achieve very reliable transmission within 0.75 dB of the i.i.d.
channel capacity.
To simplify the LDPC code design, we modified the coding
scheme by adding an STBC inner code. Using the Alamouti
, we showed that the demapper transfer curves
code
are nearly flat and align well with the decoder curves of the
LDPC codes optimized for the binary-input channels. The corresponding thresholds are quite close to the i.i.d. channel capacity.
APPENDIX
First, we show that with the vector-APP detector, the system
can be simplified to a SIMO system if we assume perfect a priori
information. The APP demapper computes the extrinsic infor, where
mation for each coded bit ,
, as
(15)
Since we know perfect information about each coded bit, ,
,
is either zero or one. Then, in the equation above,
, there is only one vector
with nonzero product
within
. So there is only one such
in
. Furtherand only differ at position . Therefore, (15) can be
more,
simplified as

(16)

Note that

. We have

Similarly, we have
, where the
th symbol in the transmitted symbol vector includes the th bit,
is the th column of , and
and
are the symbols
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that the th bit has values of 0 and 1, respectively. Then, (16)
can be written as

Then, we have

(17)

It can be observed that the equivalent channel is a SIMO
channel
(18)
with only two possible input symbols
and
.
As to the PIC-MMSE receiver, after the PIC stage, it is obvious from (4) that, if we assume perfect a priori information,
the equivalent channel is also simplified to (18).
Next, we will show that the vector-APP detector (17) equals
a scheme of MRC combining followed by a symbol-APP
detector on the MRC output. Then, we will prove that MRC
combining equals MMSE combining, therefore, the vector-APP
demapper is equal to the PIC-MMSE demapper if we assume
perfect a priori information.
of (18), if we apply MRC comFor the channel output
bining, it is well known that the MRC weighting factor is just
and the MRC output is given by
, where
.
Therefore, the extrinsic information for the code bit from the
MRC output can be computed as

(19)
It is easy to see that vector APP demapper output (17) equals the
last step of (19). Therefore, these two detectors are equivalent.
of
On the other hand, if we apply MMSE combining to
(18), the MMSE vector can be computed as

Applying the matrix inversion lemma,5 we have

5Matrix

inversion lemma: If

B 0 BC(D + C BC)C B.

A

=

CD C

+

B

,

A

=

where
is a positive number.
Then the MMSE combiner output is given as
, i.e.,
. It is
obvious then that
.
Therefore, we proved that vector APP demapper is equal to
PIC-MMSE demapper, assuming perfect a priori information.
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